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COVID-19 is a rapidly spreading infectious disease caused 
by the novel coronavirus SARS-COV-2, a betacoronavirus, 
which has now established a global pandemic. Around half 
of infected individuals become reported cases, and with in-
tensive care support, the case fatality rate is approximately 
2% (1). More concerning is that the proportion of cases re-
quiring intensive care support is 5%, and patient manage-
ment is complicated by requirements to use personal 
protective equipment and engage in complex decontamina-
tion procedures (2). Fatality rates are likely to be higher in 
populations older than in Hubei province (such as in Eu-
rope), and in low-income settings where critical care facili-
ties are lacking (3). In (4) the public health cost of failing to 
achieve sustained epidemic suppression was estimated as 
250,000 lives lost in the next few months in Great Britain, 
and 1.1-1.2 million in the USA, even with the strongest pos-
sible mitigation action to ‘flatten the curve’. Even modest 
outbreaks will see fatality rates climb as hospital capacity is 
overwhelmed, and the indirect effects caused by compro-
mised health care services have yet to be quantified. 

No treatment is currently available, and a vaccine will 
not be available for several months (as of March 2020) at 
the earliest. The only approaches that we currently have 
available to stop the epidemic are those of classical epidem-

ic control, such as case isolation, contact tracing and quar-
antine, physical distancing and hygiene measures. 

The basic reproduction number R0 is the typical number 
of infections caused by an individual in the absence of wide-
spread immunity. Once immunity becomes widespread, the 
effective reproduction number R will become lower than R0 
and once R is less than 1, the population has herd immunity 
and the epidemic declines. Immunity can only safely be ob-
tained by vaccination. Here we use the term “sustained epi-
demic suppression” to mean a reduction of the reproduction 
number R to less than 1 by changing non-immunological 
conditions of the population that affect transmission, such 
as social contact patterns. 

The biological details of transmission of betacorona-
viruses are known in general terms: these viruses can pass 
from one individual to another through exhaled droplets (5), 
aerosol (6), contamination of surfaces (7), and possibly 
through fecal-oral contamination (8). Here we compare dif-
ferent transmission routes that are more closely aligned to 
their implications for prevention. Specifically, we propose 
four categories: 

I. Symptomatic transmission: direct transmission from 
a symptomatic individual, through a contact that can be 
readily recalled by the recipient. 
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II. Pre-symptomatic transmission: direct transmission 
from an individual that occurs before the source individual 
experiences noticeable symptoms. (Note that this definition 
may be context specific, for example based on whether it is 
the source or the recipient who is asked whether the symp-
toms were noticeable.) 

III. Asymptomatic transmission: direct transmission 
from individuals who never experience noticeable symp-
toms. This can only be established by follow-up, as single 
time-point observation cannot fully distinguish asympto-
matic from pre-symptomatic individuals. 

IV. Environmental transmission: transmission via con-
tamination, and specifically in a way that would not typical-
ly be attributable to contact with the source in a contact 
survey (i.e., this does not include transmission pairs who 
were in extended close contact, but for whom in reality the 
infectious dose passed via the environment instead of more 
directly). These could be identified in an analysis of spatial 
movements. 

We acknowledge that boundaries between these catego-
ries may be blurred, but defined broadly these categories 
have different implications for prevention, responding dif-
ferently to classical measures of case isolation and quaran-
tining contacts (9, 10) (and for a specific application to 
COVID-19 see below (11)). 

Evidence exists for each of these routes of transmission: 
symptomatic (12), pre-symptomatic (13); asymptomatic (14); 
and environmental (12). For prevention, the crucial infor-
mation is the relative frequency of different routes of 
transmission so as to allocate finite resources between dif-
ferent intervention strategies. 

Li et al. (12) presented self-reported data on exposure 
for the first 425 cases in Wuhan; some of these recorded 
visits to the Huanan Seafood Wholesale Market. The gener-
alizability of transmission in that setting to other settings is 
highly uncertain, as this large-scale event seeded the epi-
demic in the absence of any knowledge about the disease. 
After closure of the Huanan Seafood Wholesale Market on 
January 1, 2020, of 240 cases with no exposure to any wet 
market, 200 individuals (83%) reported no exposure to an 
individual with respiratory symptoms. Inaccurate recall may 
explain some responses, including failing to notice symp-
toms were exceptional at a time before awareness of the 
disease began, but it is unlikely to be as much as 83% of 
them, implying that many individuals were infected by non-
symptomatic individuals. 

The situation in Singapore at first glance appears differ-
ent, since unlike in Wuhan, many individuals were linked to 
an identified symptomatic source. However, the main dif-
ference is that the linkage was retrospective, such that link-
age could be established even if transmission occurred 
before a case was symptomatic. As of March 5, 2020, there 

were 117 cases, of which 25 were imported. By devoting con-
siderable resources, including police investigation, 75 of the 
92 cases of local transmission were traced back to their pre-
sumed exposure, either to a known case or to a location 
linked to spread (15). Linking cases via a location generally 
includes the possibility of environmentally mediated trans-
mission. Therefore, the large fraction of traceable transmis-
sion in Singapore does not contradict the large fraction 
without symptomatic exposure in Wuhan. However, it does 
suggest that transmission from asymptomatic, rather than 
pre-symptomatic, individuals is not a major driver of 
spread. Although serological surveys are currently lacking, 
other lines of evidence suggest that the scenario of many 
asymptomatic infections for each symptomatic one is un-
likely. Testing 1,286 close contacts of confirmed cases found 
that, among 98 individuals testing positive, only 20% did 
not have symptoms at first clinical assessment (16). Among 
634 individuals testing positive on board the Diamond Prin-
cess cruise ship, the proportion of individuals without 
symptoms was found to be 52%; the proportion who were 
asymptomatic (rather than pre-symptomatic) was estimated 
as 18% (17). Testing of passengers on board six repatriation 
flights from Wuhan suggest that 40-50% of infections were 
not identified as cases (4, 18). Mild cases have been found to 
have viral loads 60-fold less than severe cases (19) and it is 
likely that the viral loads of asymptomatic individuals are 
lower still, with possible implications for infectiousness and 
diagnosis. 

The most accurate and robust quantification of the rela-
tive frequency of routes of transmission would be a well-
designed prospective cohort study with detailed journal and 
phylogenetic investigations. However, the current global 
emergency requires timely estimates using imperfect data 
sources. We performed a detailed analysis of the timing of 
events in defined transmission pairs, derived the generation 
time distribution, and attributed a probability for each pair 
that transmission was pre-symptomatic. We also fit a math-
ematical model of infectiousness through the four routes 
discussed above, over the course of infection. This allowed 
us to calculate R0, estimate the proportion of transmission 
from different routes, and make predictions about whether 
contact tracing and isolation of known cases is enough to 
prevent spread of the epidemic. 

 
Estimating SARS-CoV-2 transmission parameters 
We used the exponential growth rate of the epidemic, r, 
from the early stages of the epidemic in China, such that the 
effect of control measures discussed later will be relative to 
the early stages of an outbreak, exemplified by baseline con-
tact patterns and environmental conditions in Hubei during 
that period. We note that this assumption is implicit in 
many estimates of R0. The epidemic doubling time T2 is 
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equal to loge(2) / r. We used the value r = 0.14 per day (20), 
corresponding to a doubling time of 5.0 days. 

The incubation period is defined as the time between 
infection and onset of symptoms. It is estimated as the time 
between exposure and report of noticeable symptoms. We 
used the incubation period distribution calculated by (21). 
The distribution is lognormal with mean 5.5 days, median 
5.2 days and standard deviation 2.1 days, and is included 
with our results in Fig. 1. 

The generation time is defined for source-recipient 
transmission pairs as the time between the infection of the 
source and the infection of the recipient. Because time of 
infection is generally not known, the generation time is of-
ten approximated by the serial interval, which is defined as 
the time between the onset of symptoms of the source and 
the onset of symptoms of the recipient. We did not take that 
approach here; instead, we directly estimated the genera-
tion time distribution from 40 source-recipient pairs. These 
pairs were manually selected according to high confidence 
of direct transmission inferred from publicly available 
sources at the time of writing (March, 2020), and with 
known time of onset of symptoms for both source and recip-
ient. We combined dates of symptom onset with intervals of 
exposure for both source and recipient (when available) and 
the above distribution of incubation times and from these 
inferred the distribution of generation times. The distribu-
tion is best described by a Weibull distribution (AIC=148.4, 
versus 149.9 for gamma and 152.3 for lognormal distribu-
tion) with mean and median equal to 5.0 days and standard 
deviation of 1.9 days, shown in the left panel of Fig. 1. We 
also show the results of sensitivity analysis to different func-
tional forms, and compare to two previously published seri-
al interval distributions in (12, 22). Uncertainty in the fit of 
the distribution is shown in fig. S1. Our distribution is ro-
bust with respect to the choice of transmission events (fig. 
S2). Correlation in the uncertainty between the inferred 
mean and standard deviation is shown in fig. S3. The distri-
bution of serial intervals for these pairs is shown in fig. S4. 
The countries from which the transmission pair data was 
obtained are shown in fig. S5. 

For each of the 40 transmission pairs we estimated the 
posterior probability that transmission was pre-
symptomatic, i.e., occurred before the onset of symptoms in 
the infector. We used a Bayesian approach with an unin-
formative prior (transmission before or after symptoms 
equally likely). The 40 probabilities inferred are shown in 
the right panel of Fig. 1; the mean probability is 37% (95% 
CI: 27.5% - 45%), which can be interpreted as the fraction of 
pre-symptomatic transmission events out of pre-
symptomatic plus symptomatic transmission events. This 
mean probability over all pairs approximates our prior, but 
the bimodal distribution of individual probabilities in Fig. 1 

shows that these are typically far from the prior, i.e., the 
data are strongly informative. Uncertainty in the value of 
this fraction is shown in fig. S6. The value does not depend 
significantly on the choice of prior (figs. S7 and S8), func-
tional form of the distribution of generation times (figs. S9 
and S10), or on the choice of transmission events (fig. S11). 

 
A general mathematical model of SARS-CoV-2 
infectiousness 
We use a mathematical formalism (23) that describes how 
infectiousness varies as a function of time since infection, τ, 
for a representative cohort of infected individuals. This in-
cludes heterogeneity between individuals, and averages over 
those individuals who infect few others and those who in-
fect many. This average defines the function β(τ). Infec-
tiousness may change with τ due to both changing disease 
biology (notably viral shedding) and changing contact with 
others. The area under the β curve is the reproduction 
number R0. 

We decompose β(τ) into four contributions that reflect 
our categorization above, namely asymptomatic transmis-
sion, pre-symptomatic transmission, symptomatic transmis-
sion, and environmental transmission. The area under the 
curve of one of these contributions gives the mean total 
number of transmissions over one full infection, via that 
route - asymptomatic, pre-symptomatic, symptomatic or 
environmental - which we define to be RA, RP, RS and RE re-
spectively. The sum of these is R0. 

The mathematical form for β(τ) is: 
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βs(τ) is the infectiousness of an individual currently either 
symptomatic or pre-symptomatic, at age-of-infection τ. Oth-
er parameters in this expression, and those feeding into it 
indirectly, are listed in Table 1. A detailed discussion of this 
expression including its assumptions is found in the sup-
plementary materials. The priors chosen for parameters not 
directly calculated from data are shown in fig. S12. The in-
fectiousness model result using central values of all parame-
ters is shown in Fig. 2. 

By drawing input parameter sets from the uncertainties 
shown in Table 1, we quantified our uncertainty in R0 and 
its four contributions. The resulting values are shown in 
Table 2 and their underlying distributions are shown in fig. 
S13. Two-dimensional distributions showing correlations in 
uncertainty are shown in fig. S14. 
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The estimate of RP/(RP+RS) obtained by this method is 
0.55 (0.37 - 0.72), which is larger than the estimate of 0.37 
(0.28 - 0.45) from our analysis of the 40 transmission pairs 
but with overlapping uncertainty. 

We define θ as the fraction of all transmissions that do 
not come from direct contact with a symptomatic individu-
al: 1 – RS/R0. This corresponds to the θ of (9) in the case 
where there is only pre-symptomatic and symptomatic 
transmission. From Table 2 this is 0.62 (0.50 - 0.92). The 
value of θ observed during an exponentially growing epi-
demic will be distorted when the timing of the different 
contributions to transmission occur at different stages of 
the infection, due to over-representation of recently infected 
individuals. This effect can be calculated through use of the 
renewal equation, as was recently done to calculate the dis-
tribution of time from onset of COVID-19 symptoms to re-
covery or death (20) (see supplementary materials). We 
calculated the θ that would be observed with the early ex-
ponential growth seen in China as 0.68 (0.56 - 0.92). The 
correction due to the epidemic dynamics is small compared 
to parameter uncertainties. 

We developed our mathematical model of infectiousness 
into a web application where users can test the effect of al-
ternative parameter combinations (24). 

 
Modelling case isolation and contract tracing with 
quarantine 
We modeled the combined impact of two interventions: (i) 
isolation of symptomatic individuals, and (ii) tracing the 
contacts of symptomatic cases and quarantining them. 
These interventions aim to stop the spread of the virus by 
reducing the number of transmissions from both sympto-
matic individuals and from their contacts (who may not be 
symptomatic), while minimizing the impact on the larger 
population. In practice, neither intervention will be success-
ful or possible for 100% of individuals. The success rate of 
these interventions determines the long-term evolution of 
the epidemic. If the success rates are high enough, the com-
bination of isolation and contact tracing/quarantining could 
bring R below 1 and therefore effectively control the epi-
demic. 

An analytical mathematical framework for the com-
bined impact of these two interventions on an epidemic was 
previously derived in (9). In the supplementary material, we 
solve these equations using our infectiousness model above, 
i.e., quantifying how the SARS-CoV-2 epidemic is expected 
to be controlled or not by case isolation and the quarantin-
ing of traced contacts. Our results are shown in Fig. 3. The 
black line shows the threshold for epidemic control: com-
bined success rates in the region to the upper right of the 
black line are sufficient to reduce R to less than one. The x 
axis is the success rate of case isolation, which can be 

thought of either as the fraction of symptomatic individuals 
isolated, assuming perfect prevention of transmission on 
isolation, or the degree to which infectiousness of sympto-
matic individuals is reduced assuming all of them are iso-
lated. The y axis is the success rate of contact tracing; 
similarly, this can be thought of as the fraction of all con-
tacts traced, assuming perfectly successful quarantine upon 
tracing, or the degree to which infectiousness of contacts is 
reduced assuming all of them are traced. These results for 
intervention effectiveness, and their dependence on all pa-
rameters in our combined analysis, can be explored through 
the same web interface as for our model of infectiousness 
(24). 

Delays in these interventions make them ineffective at 
controlling the epidemic (Fig. 3): traditional manual contact 
tracing procedures are not fast enough for SARS-CoV-2. A 
delay from confirming a case to finding their contacts is not, 
however, inevitable. Specifically, this delay can be avoided 
by using a mobile phone App. 

 
Epidemic control with instant digital contact tracing 
A mobile phone App can make contact tracing and notifica-
tion instantaneous upon case confirmation. By keeping a 
temporary record of proximity events between individuals, 
it can immediately alert recent close contacts of diagnosed 
cases and prompt them to self-isolate. 

Apps with similar aims have been deployed in China. 
Public health policy was implemented using an App which 
was not compulsory but was required to move between 
quarters and into public spaces and public transport. The 
App allows a central database to collect data on user move-
ment and coronavirus diagnosis and displays a green, amber 
or red code to relax or enforce restrictions on movement. 
The database is reported to be analyzed by an artificial in-
telligence algorithm that issues the color codes (25). The 
App is a plug-in for the WeChat and Alipay Apps and has 
been generally adopted. 

Mainland China outside of Hubei province received sig-
nificantly more introductions from Wuhan than did any-
where else, following mass movements of people around 
Chinese New Year and the start of the Wuhan lockdown 
(26). Despite this, sustained epidemic suppression has been 
achieved in China: fewer than 150 new cases have been re-
ported each day from March 2 to March 23, down from 
thousands each day at the height of the epidemic. South 
Korea has also achieved sustained epidemic suppression: 76 
new cases on March 24, down from a peak of 909 on Febru-
ary 29, and is also using a mobile phone App for recom-
mending quarantine. Both the Chinese and South Korean 
Apps have come under public scrutiny over issues of data 
protection and privacy. 

With our result in Fig. 3 implying the need for extreme-
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ly rapid contact tracing, we set out to design a simple and 
widely acceptable algorithm from epidemiological first prin-
ciples, using common smartphone functionality. The meth-
od is shown in Fig. 4. The core functionality is to replace a 
week’s work of manual contact tracing with instantaneous 
signals transmitted to and from a central server. Corona-
virus diagnoses are communicated to the server, enabling 
recommendation of risk-stratified quarantine and physical 
distancing measures in those now known to be possible con-
tacts, while preserving the anonymity of the infected indi-
vidual. Tests can be requested by symptomatic individuals 
through the App. 

The simple algorithm can easily be refined to be more 
informative, for example quarantining areas if local epidem-
ics become uncontrolled, quarantining whole households, or 
performing second- or third-degree contact tracing if case 
numbers are rising, which would result in more people be-
ing preemptively quarantined. Algorithmic recommenda-
tions can also be manually overridden, where public health 
officials gather more specific evidence. The App can serve as 
the central hub of access to all COVID-19 health services, 
information and instructions, and as a mechanism to re-
quest food or medicine deliveries during self-isolation. 

In the context of a mobile phone App, Fig. 3 paints an 
optimistic picture. There is no delay between case confirma-
tion and notification of contacts, leaving the total delay for 
the contact quarantine process as that from an individual 
initiating symptoms to their confirmation as a case, plus the 
delay for notified contacts to enter quarantine. The delay 
between symptom development and case confirmation will 
decrease with faster testing protocols, and indeed could be-
come instant if presumptive diagnosis of COVID-19 based 
on symptoms were accepted in high-prevalence areas. The 
delay between contacts being notified and entering quaran-
tine should be minimal with high levels of public under-
standing, as should the delay for case isolation. The efficacy 
of contact tracing (the y axis of Fig. 3) can be identified with 
the square of the proportion of the population using the 
App, multiplied by the probability of the App detecting in-
fectious contacts, multiplied by the fractional reduction in 
infectiousness resulting from being notified as a contact. 

 
Ethical considerations 
Successful and appropriate use of the App relies on it com-
manding well-founded public trust and confidence. This 
applies to the use of the App itself and of the data gathered. 
There are strong, well-established ethical arguments recog-
nizing the importance of achieving health benefits and 
avoiding harm. These arguments are particularly strong in 
the context of an epidemic with the potential for loss of life 
on the scale possible with COVID-19. Requirements for the 
intervention to be ethical and capable of commanding the 

trust of the public are likely to comprise the following. i. 
Oversight by an inclusive and transparent advisory board, 
which includes members of the public. ii. The agreement 
and publication of ethical principles by which the interven-
tion will be guided. iii. Guarantees of equity of access and 
treatment. iv. The use of a transparent and auditable algo-
rithm. v. Integrating evaluation and research in the inter-
vention to inform the effective management of future major 
outbreaks. vi. Careful oversight of and effective protections 
around the uses of data. vii. The sharing of knowledge with 
other countries, especially low- and middle-income coun-
tries. viii. Ensuring that the intervention involves the mini-
mum imposition possible and that decisions in policy and 
practice are guided by three moral values: equal moral re-
spect, fairness, and the importance of reducing suffering 
(27). It is noteworthy that the algorithmic approach we pro-
pose avoids the need for coercive surveillance, since the sys-
tem can have very large impacts and achieve sustained 
epidemic suppression, even with partial uptake. People 
should be democratically entitled to decide whether to 
adopt this platform. The intention is not to impose the 
technology as a permanent change to society, but we believe 
it is under these pandemic circumstances it is necessary and 
justified to protect public health. 

 
Discussion 
In this study, we estimated key parameters of the SARS-
CoV-2 epidemic, using an analytically solvable model of the 
exponential phase of spread and of the impact of interven-
tions. Our estimate of R0 is lower than many previous pub-
lished estimates, for example (12, 28, 29). These studies 
assumed SARS-like generation times; however, the emerg-
ing evidence for shorter generation times for COVID-19 im-
plies a smaller R0. This means a smaller fraction of 
transmissions need to be blocked for sustained epidemic 
suppression (R < 1). However, it does not mean sustained 
epidemic suppression will be easier to achieve because each 
individual’s transmissions occur in a shorter window of 
time after their infection, and a greater fraction of them 
occurs before the warning sign of symptoms. Specifically, 
our approaches suggest that between a third and a half of 
transmissions occur from pre-symptomatic individuals. This 
is in line with estimates of 48% of transmission being pre-
symptomatic in Singapore and 62% in Tianjin, China (30), 
and 44% in transmission pairs from various countries (31). 
Our infectiousness model suggests that the total contribu-
tion to R0 from pre-symptomatics is 0.9 (0.2 - 1.1), almost 
enough to sustain an epidemic on its own. For SARS, the 
corresponding estimate was almost zero (9), immediately 
telling us that different containment strategies will be need-
ed for COVID-19. 

Transmission occurring rapidly and before symptoms, 
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as we have found, implies that the epidemic is highly un-
likely to be contained by solely isolating symptomatic indi-
viduals. Published models (9–11, 32) suggest that in practice 
manual contact tracing can only improve on this to a lim-
ited extent: it is too slow, and cannot be scaled up once the 
epidemic grows beyond the early phase, due to limited per-
sonnel. Using mobile phones to measure infectious disease 
contact networks has been proposed previously (33–35). 
Considering our quantification of SARS-CoV-2 transmission, 
we suggest that this approach, with a mobile phone App 
implementing instantaneous contact tracing, could reduce 
transmission enough to achieve R < 1 and sustained epidem-
ic suppression, stopping the virus from spreading further. 
We have developed a web interface to explore the uncertain-
ty in our modelling assumptions (24). This will also serve as 
an ongoing resource as new data becomes available and as 
the epidemic evolves. 

We included environmentally mediated transmission 
and transmission from asymptomatic individuals in our 
general mathematical framework. However, the relative im-
portance of these transmission routes remain speculative 
based on current data. Cleaning and decontamination are 
being deployed to varying levels in different settings, and 
improved estimates of their relative importance would help 
inform this as a priority. Asymptomatic infection has been 
widely reported for COVID-19, e.g., (14), unlike for SARS 
where this was very rare (36). We argue that the reports 
from Singapore imply that even if asymptomatic infections 
are common, onward transmission from this state is proba-
bly uncommon, since forensic reconstruction of the trans-
mission networks has closed down most missing links. 
There is an important caveat to this: the Singapore outbreak 
to date is small and has not implicated children. There has 
been widespread speculation that children could be fre-
quent asymptomatic carriers and potential sources of SARS-
CoV-2 (37, 38). 

We calibrated our estimate of the overall amount of 
transmission based on the epidemic growth rate observed in 
China not long after the epidemic started. Growth in West-
ern European countries so far appears to be faster, implying 
either shorter intervals between individuals becoming in-
fected and transmitting onwards, or a higher R0. We illus-
trate the latter effect in figs. S18 and S19. If this is an 
accurate picture of viral spread in Europe and not an arte-
fact of early growth, epidemic control with only case isola-
tion and quarantining of traced contacts appears 
implausible in this case, requiring near-universal App usage 
and near-perfect compliance. The App should be one tool 
among many general preventative population measures 
such as physical distancing, enhanced hand and respiratory 
hygiene, and regular decontamination. 

An App-based intervention could be more powerful 

than our analysis here suggests, however. The renewal equa-
tion mathematical framework we use, while well adapted to 
account for realistic infectiousness dynamics, is not well 
adapted to account for benefits of recursion over the trans-
mission network. Once they have been confirmed as cases, 
individuals identified by tracing can trigger further tracing, 
as can their contacts and so on. This effect was not modeled 
in our analysis here. If testing capacity is limited, individu-
als who are identified by tracing may be presumed con-
firmed upon onset of symptoms, since the prior probability 
of them being positive is higher than for the index case, ac-
celerating the algorithm further without compromising 
specificity. With fast enough testing, even index cases diag-
nosed late in infection could be traced recursively, to identi-
fy recently infected individuals before they develop 
symptoms, and before they transmit. Improved sensitivity of 
testing in early infection could also speed up the algorithm 
and achieve rapid epidemic control. 

The economic and social impact caused by widespread 
lockdowns is severe. Individuals on low incomes may have 
limited capacity to remain at home, and support for people 
in quarantine requires resources. Businesses will lose confi-
dence, causing negative feedback cycles in the economy. 
Psychological impacts may be lasting. Digital contact tracing 
could play a critical role in avoiding or leaving lockdown. 
We have quantified its expected success and laid out a series 
of requirements for its ethical implementation. The App we 
propose offers benefits for both society and individuals, re-
ducing the number of cases and also enabling people to con-
tinue their lives in an informed, safe, and socially 
responsible way. It offers the potential to achieve important 
public benefits while maximising autonomy. Specific issues 
exist for groups within the population that may not be ame-
nable to such an approach, and these could be rapidly re-
fined in policy. Essential workers, such as health care 
workers, may need separate arrangements. 

Further modelling is needed to compare the number of 
people disrupted under different scenarios consistent with 
sustained epidemic suppression. But a sustained pandemic 
is not inevitable, nor is sustained national lockdown. We 
recommend urgent exploration of means for intelligent 
physical distancing via digital contact tracing. 

 

REFERENCES AND NOTES 
1. World Health Organization, Coronavirus Disease 2019 (COVID-19): Situation Report 

– 36 (25 February 2020); www.who.int/docs/default-
source/coronaviruse/situation-reports/20200225-sitrep-36-covid-19.pdf. 

2. W.-J. Guan, Z.-Y. Ni, Y. Hu, W.-H. Liang, C.-Q. Ou, J.-X. He, L. Liu, H. Shan, C.-L. Lei, 
D. S. C. Hui, B. Du, L.-J. Li, G. Zeng, K.-Y. Yuen, R.-C. Chen, C.-L. Tang, T. Wang, 
P.-Y. Chen, J. Xiang, S.-Y. Li, J.-L. Wang, Z.-J. Liang, Y.-X. Peng, L. Wei, Y. Liu, Y.-
H. Hu, P. Peng, J.-M. Wang, J.-Y. Liu, Z. Chen, G. Li, Z.-J. Zheng, S.-Q. Qiu, J. Luo, 
C.-J. Ye, S.-Y. Zhu, N.-S. Zhong, China Medical Treatment Expert Group for 
Covid-19, Clinical Characteristics of Coronavirus Disease 2019 in China. N. Engl. 

on A
pril 1, 2020

 
http://science.sciencem

ag.org/
D

ow
nloaded from

 

http://www.sciencemag.org/
http://www.who.int/docs/default-source/coronaviruse/situation-reports/20200225-sitrep-36-covid-19.pdf
http://www.who.int/docs/default-source/coronaviruse/situation-reports/20200225-sitrep-36-covid-19.pdf
http://science.sciencemag.org/


First release: 31 March 2020  www.sciencemag.org  (Page numbers not final at time of first release) 7 
 

J. Med. 10.1056/NEJMoa2002032 (2020). doi:10.1056/NEJMoa2002032 
Medline 

3. H. Li, S. Wang, F. Zhong, W. Bao, Y. Li, L. Liu, H. Wang, Y. He, Age-dependent risks 
of Incidence and Mortality of COVID-19 in Hubei Province and Other Parts of 
China. medRxiv 2020.02.25.20027672 [preprint]. 6 March 2020. 

4. N. Ferguson, D. Laydon, G. Nedjati-Gilani, N. Imai, K. Ainslie, M. Baguelin, S. 
Bhatia, A. Boonyasiri, Z. Cucunubá, G. Cuomo-Dannenburg, A. Dighe, I. Dorigatti, 
H. Fu, K. Gaythorpe, W. Green, A. Hamlet, W. Hinsley, L. Okell, S. van Elsland, H. 
Thompson, R. Verity, E. Volz, H. Wang, Y. Wang, P. Walker, C. Walters, P. Winskill, 
C. Whittaker, C. Donnelly, S. Riley, A. Ghani, Impact of Non-Pharmaceutical 
Interventions (NPIs) to Reduce COVID-19 Mortality and Healthcare Demand (16 
March 2020); www.imperial.ac.uk/media/imperial-
college/medicine/sph/ide/gida-fellowships/Imperial-College-COVID19-NPI-
modelling-16-03-2020.pdf. 

5. I. T. S. Yu, J. J. Y. Sung, The epidemiology of the outbreak of severe acute 
respiratory syndrome (SARS) in Hong Kong—What we do know and what we 
don’t. Epidemiol. Infect. 132, 781–786 (2004). 
doi:10.1017/S0950268804002614 Medline 

6. Y. Li, X. Huang, I. T. S. Yu, T. W. Wong, H. Qian, Role of air distribution in SARS 
transmission during the largest nosocomial outbreak in Hong Kong. Indoor Air 
15, 83–95 (2005). doi:10.1111/j.1600-0668.2004.00317.x Medline 

7. J. A. Otter, C. Donskey, S. Yezli, S. Douthwaite, S. D. Goldenberg, D. J. Weber, 
Transmission of SARS and MERS coronaviruses and influenza virus in healthcare 
settings: The possible role of dry surface contamination. J. Hosp. Infect. 92, 
235–250 (2016). doi:10.1016/j.jhin.2015.08.027 Medline 

8. S. W. X. Ong, Y. K. Tan, P. Y. Chia, T. H. Lee, O. T. Ng, M. S. Y. Wong, K. Marimuthu, 
Air, Surface Environmental, and Personal Protective Equipment Contamination 
by Severe Acute Respiratory Syndrome Coronavirus 2 (SARS-CoV-2) From a 
Symptomatic Patient. JAMA 10.1001/jama.2020.3227 (2020). 
doi:10.1001/jama.2020.3227 Medline 

9. C. Fraser, S. Riley, R. M. Anderson, N. M. Ferguson, Factors that make an 
infectious disease outbreak controllable. Proc. Natl. Acad. Sci. U.S.A. 101, 6146–
6151 (2004). doi:10.1073/pnas.0307506101 Medline 

10. C. M. Peak, L. M. Childs, Y. H. Grad, C. O. Buckee, Comparing nonpharmaceutical 
interventions for containing emerging epidemics. Proc. Natl. Acad. Sci. U.S.A. 
114, 4023–4028 (2017). doi:10.1073/pnas.1616438114 Medline 

11. J. Hellewell, S. Abbott, A. Gimma, N. I. Bosse, C. I. Jarvis, T. W. Russell, J. D. 
Munday, A. J. Kucharski, W. J. Edmunds, S. Funk, R. M. Eggo, F. Sun, S. Flasche, 
B. J. Quilty, N. Davies, Y. Liu, S. Clifford, P. Klepac, M. Jit, C. Diamond, H. Gibbs, 
K. van Zandvoort, Centre for the Mathematical Modelling of Infectious Diseases 
COVID-19 Working Group, Feasibility of controlling COVID-19 outbreaks by 
isolation of cases and contacts. Lancet Glob. Health 8, e488–e496 (2020). 
doi:10.1016/S2214-109X(20)30074-7 Medline 

12. Q. Li, X. Guan, P. Wu, X. Wang, L. Zhou, Y. Tong, R. Ren, K. S. M. Leung, E. H. Y. 
Lau, J. Y. Wong, X. Xing, N. Xiang, Y. Wu, C. Li, Q. Chen, D. Li, T. Liu, J. Zhao, M. 
Liu, W. Tu, C. Chen, L. Jin, R. Yang, Q. Wang, S. Zhou, R. Wang, H. Liu, Y. Luo, Y. 
Liu, G. Shao, H. Li, Z. Tao, Y. Yang, Z. Deng, B. Liu, Z. Ma, Y. Zhang, G. Shi, T. T. Y. 
Lam, J. T. K. Wu, G. F. Gao, B. J. Cowling, B. Yang, G. M. Leung, Z. Feng, Early 
Transmission Dynamics in Wuhan, China, of Novel Coronavirus-Infected 
Pneumonia. N. Engl. J. Med. 382, 1199–1207 (2020). 
doi:10.1056/NEJMoa2001316 Medline 

13. Z.-D. Tong, A. Tang, K.-F. Li, P. Li, H.-L. Wang, J.-P. Yi, Y.-L. Zhang, J.-B. Yan, 
Potential Presymptomatic Transmission of SARS-CoV-2, Zhejiang Province, 
China, 2020. Emerg. Infect. Dis. 26, (2020). doi:10.3201/eid2605.200198 
Medline 

14. Y. Bai, L. Yao, T. Wei, F. Tian, D.-Y. Jin, L. Chen, M. Wang, Presumed 
Asymptomatic Carrier Transmission of COVID-19. JAMA 
10.1001/jama.2020.2565 (2020). doi:10.1001/jama.2020.2565 Medline 

15. Channel News Asia; https://infographics.channelnewsasia.com/covid-
19/coronavirus-singapore-clusters.html?cid=FBcna 

16. Q. Bi, Y. Wu, S. Mei, C. Ye, X. Zou, Z. Zhang, X. Liu, L. Wei, S. A. Truelove, T. Zhang, 

W. Gao, C. Cheng, X. Tang, X. Wu, Y. Wu, B. Sun, S. Huang, Y. Sun, J. Zhang, T. 
Ma, J. Lessler, T. Feng, Epidemiology and Transmission of COVID-19 in Shenzhen 
China: Analysis of 391 cases and 1,286 of their close contacts. medRxiv 
2020.03.03.20028423 [preprint]. 27 March 2020. 

17. K. Mizumoto, K. Kagaya, A. Zarebski, G. Chowell, Estimating the asymptomatic 
proportion of coronavirus disease 2019 (COVID-19) cases on board the Diamond 
Princess cruise ship, Yokohama, Japan, 2020. Euro Surveill. 25, (2020). 
doi:10.2807/1560-7917.ES.2020.25.10.2000180 Medline 

18. R. Verity, L. C. Okell, I. Dorigatti, P. Winskill, C. Whittaker, N. Imai, G. Cuomo-
Dannenburg, H. Thompson, P. Walker, H. Fu, A. Dighe, J. Griffin, A. Cori, M. 
Baguelin, S. Bhatia, A. Boonyasiri, Z. M. Cucunuba, R. Fitzjohn, K. A. M. 
Gaythorpe, W. Green, A. Hamlet, W. Hinsley, D. Laydon, G. Nedjati-Gilani, S. 
Riley, S. van-Elsand, E. Volz, H. Wang, Y. Wang, X. Xi, C. Donnelly, A. Ghani, N. 
Ferguson, Estimates of the severity of COVID-19 disease. medRxiv 
2020.03.09.20033357 [preprint]. 13 March 2020. 

19. Y. Liu, L.-M. Yan, L. Wan, T.-X. Xiang, A. Le, J.-M. Liu, M. Peiris, L. L. M. Poon, W. 
Zhang, Viral dynamics in mild and severe cases of COVID-19. Lancet Infect. Dis. 
S1473-3099(20)30232-2 (2020). doi:10.1016/S1473-3099(20)30232-2 Medline 

20. I. Dorigatti, L. Okell, A. Cori, N. Imai, M. Baguelin, S. Bhatia, A. Boonyasiri, Z. 
Cucunubá, G. Cuomo-Dannenburg, R. FitzJohn, H. Fu, K. Gaythorpe, A. Hamlet, 
W. Hinsley, N. Hong, M. Kwun, D. Laydon, G. Nedjati-Gilani, S. Riley, S. van 
Elsland, E. Volz, H. Wang, R. Wang, C. Walters, X. Xi, C. Donnelly, A. Ghani, N. 
Ferguson, Report 4: Severity of 2019-Novel Coronavirus (nCoV) (10 February 
2020); www.imperial.ac.uk/media/imperial-college/medicine/sph/ide/gida-
fellowships/Imperial-College-COVID19-severity-10-02-2020.pdf.%3c/eref%3e. 

21. S. A. Lauer, K. H. Grantz, Q. Bi, F. K. Jones, Q. Zheng, H. Meredith, A. S. Azman, N. 
G. Reich, J. Lessler, The incubation period of 2019-nCoV from publicly reported 
confirmed cases: Estimation and application. medRxiv 2020.02.02.20020016 
[preprint]. 4 February 2020. 

22. H. Nishiura, N. M. Linton, A. R. Akhmetzhanov, Serial interval of novel coronavirus 
(2019-nCoV) infections. medRxiv 2020.02.03.20019497 [preprint]. 17 February 
2020. 

23. N. C. Grassly, C. Fraser, Mathematical models of infectious disease transmission. 
Nat. Rev. Microbiol. 6, 477–487 (2008). doi:10.1038/nrmicro1845 Medline 

24. BDI Pathogen Dynamics Group, Digital contact tracing for SARS-COV-2 (2020); 
https://bdi-pathogens.shinyapps.io/covid-19-transmission-routes/. 

25. P. Mozur, R. Zhong, A. Krolik, “In Coronavirus Fight, China Gives Citizens a Color 
Code, With Red Flags.” New York Times (1 March 2020); 
www.nytimes.com/2020/03/01/business/china-coronavirus-surveillance.html. 

26. S. Chen, J. Yang, W. Yang, C. Wang, T. Bärnighausen, COVID-19 control in China 
during mass population movements at New Year. Lancet 395, 764–766 (2020). 
doi:10.1016/S0140-6736(20)30421-9 Medline 

27. Nuffield Council on Bioethics, Research in Global Health Emergencies: Ethical 
Issues (28 January 2020); www.nuffieldbioethics.org/publications/research-in-
global-health-emergencies. 

28. S. Zhao, Q. Lin, J. Ran, S. S. Musa, G. Yang, W. Wang, Y. Lou, D. Gao, L. Yang, D. 
He, M. H. Wang, Preliminary estimation of the basic reproduction number of 
novel coronavirus (2019-nCoV) in China, from 2019 to 2020: A data-driven 
analysis in the early phase of the outbreak. Int. J. Infect. Dis. 92, 214–217 (2020). 
doi:10.1016/j.ijid.2020.01.050 Medline 

29. T. Zhou, Q. Liu, Z. Yang, J. Liao, K. Yang, W. Bai, X. Lu, W. Zhang, Preliminary 
prediction of the basic reproduction number of the Wuhan novel coronavirus 
2019-nCoV. J. Evid. Based Med. 13, 3–7 (2020). doi:10.1111/jebm.12376 Medline 

30. T. Ganyani, C. Kremer, D. Chen, A. Torneri, C. Faes, J. Wallinga, N. Hens, 
Estimating the generation interval for COVID-19 based on symptom onset data. 
medRxiv 2020.03.05.20031815 [preprint]. 8 March 2020. 

31. X. He, E. H. Y. Lau, P. Wu, X. Deng, J. Wang, X. Hao, Y. C. Lau, J. Y. Wong, Y. Guan, 
X. Tan, X. Mo, Y. Chen, B. Liao, W. Chen, F. Hu, Q. Zhang, M. Zhong, Y. Wu, L. 
Zhao, F. Zhang, B. J. Cowling, F. Li, G. M. Leung, Temporal dynamics in viral 
shedding and transmissibility of COVID-19. medRxiv 2020.03.15.20036707 
[preprint]. 18 March 2020. 

on A
pril 1, 2020

 
http://science.sciencem

ag.org/
D

ow
nloaded from

 

http://www.sciencemag.org/
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32109013&dopt=Abstract
https://www.medrxiv.org/content/10.1101/2020.02.25.20027672v2
http://www.imperial.ac.uk/media/imperial-college/medicine/sph/ide/gida-fellowships/Imperial-College-COVID19-NPI-modelling-16-03-2020.pdf
http://www.imperial.ac.uk/media/imperial-college/medicine/sph/ide/gida-fellowships/Imperial-College-COVID19-NPI-modelling-16-03-2020.pdf
http://www.imperial.ac.uk/media/imperial-college/medicine/sph/ide/gida-fellowships/Imperial-College-COVID19-NPI-modelling-16-03-2020.pdf
http://dx.doi.org/10.1017/S0950268804002614
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15473139&dopt=Abstract
http://dx.doi.org/10.1111/j.1600-0668.2004.00317.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15737151&dopt=Abstract
http://dx.doi.org/10.1016/j.jhin.2015.08.027
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26597631&dopt=Abstract
http://dx.doi.org/10.1001/jama.2020.3227
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32129805&dopt=Abstract
http://dx.doi.org/10.1073/pnas.0307506101
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15071187&dopt=Abstract
http://dx.doi.org/10.1073/pnas.1616438114
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28351976&dopt=Abstract
http://dx.doi.org/10.1016/S2214-109X(20)30074-7
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32119825&dopt=Abstract
http://dx.doi.org/10.1056/NEJMoa2001316
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=31995857&dopt=Abstract
http://dx.doi.org/10.3201/eid2605.200198
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32091386&dopt=Abstract
http://dx.doi.org/10.1001/jama.2020.2565
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32083643&dopt=Abstract
https://infographics.channelnewsasia.com/covid-19/coronavirus-singapore-clusters.html?cid=FBcna
https://infographics.channelnewsasia.com/covid-19/coronavirus-singapore-clusters.html?cid=FBcna
https://www.medrxiv.org/content/10.1101/2020.03.03.20028423v3
http://dx.doi.org/10.2807/1560-7917.ES.2020.25.10.2000180
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32183930&dopt=Abstract
https://www.medrxiv.org/content/10.1101/2020.03.09.20033357v1
http://dx.doi.org/10.1016/S1473-3099(20)30232-2
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32199493&dopt=Abstract
http://www.imperial.ac.uk/media/imperial-college/medicine/sph/ide/gida-fellowships/Imperial-College-COVID19-severity-10-02-2020.pdf.%3c/eref%3e
http://www.imperial.ac.uk/media/imperial-college/medicine/sph/ide/gida-fellowships/Imperial-College-COVID19-severity-10-02-2020.pdf.%3c/eref%3e
https://www.medrxiv.org/content/10.1101/2020.02.02.20020016v1
https://www.medrxiv.org/content/10.1101/2020.02.03.20019497v2
http://dx.doi.org/10.1038/nrmicro1845
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18533288&dopt=Abstract
https://nam12.safelinks.protection.outlook.com/?url=https%3A%2F%2Fbdi-pathogens.shinyapps.io%2Fcovid-19-transmission-routes%2F&data=01%7C01%7Cjcook%40aaas.org%7Cf72ff19e8c7c4b58256408d7d3379345%7C2eebd8ff9ed140f0a15638e5dfb3bc56%7C0&sdata=%2FTUFWeAF1zb7W8bTxxw7LxSvQDtS8gvw2jToj25Sq2o%3D&reserved=0
http://www.nytimes.com/2020/03/01/business/china-coronavirus-surveillance.html
http://dx.doi.org/10.1016/S0140-6736(20)30421-9
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32105609&dopt=Abstract
http://www.nuffieldbioethics.org/publications/research-in-global-health-emergencies
http://www.nuffieldbioethics.org/publications/research-in-global-health-emergencies
http://dx.doi.org/10.1016/j.ijid.2020.01.050
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32007643&dopt=Abstract
http://dx.doi.org/10.1111/jebm.12376
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32048815&dopt=Abstract
https://www.medrxiv.org/content/10.1101/2020.03.05.20031815v1
https://www.medrxiv.org/content/10.1101/2020.03.15.20036707v2
http://science.sciencemag.org/


First release: 31 March 2020  www.sciencemag.org  (Page numbers not final at time of first release) 8 
 

32. D. Klinkenberg, C. Fraser, H. Heesterbeek, The effectiveness of contact tracing in 
emerging epidemics. PLOS ONE 1, e12 (2006). 
doi:10.1371/journal.pone.0000012 Medline 

33. M. Salathé, M. Kazandjieva, J. W. Lee, P. Levis, M. W. Feldman, J. H. Jones, A 
high-resolution human contact network for infectious disease transmission. 
Proc. Natl. Acad. Sci. U.S.A. 107, 22020–22025 (2010). 
doi:10.1073/pnas.1009094108 Medline 

34. E. Yoneki, J. Crowcroft, EpiMap: Towards quantifying contact networks for 
understanding epidemiology in developing countries. Ad Hoc Netw. 13, 83–93 
(2014). doi:10.1016/j.adhoc.2012.06.003 

35. K. A. Nguyen, Z. Luo, C. Watkins, in Progress in Location-Based Services 2014, 
G. Gartner, H. Huang, Eds. (Springer, 2015), pp. 63–78. 

36. G. M. Leung, P.-H. Chung, T. Tsang, W. Lim, S. K. K. Chan, P. Chau, C. A. Donnelly, 
A. C. Ghani, C. Fraser, S. Riley, N. M. Ferguson, R. M. Anderson, Y.-L. Law, T. Mok, 
T. Ng, A. Fu, P.-Y. Leung, J. S. M. Peiris, T.-H. Lam, A. J. Hedley, SARS-CoV 
antibody prevalence in all Hong Kong patient contacts. Emerg. Infect. Dis. 10, 
1653–1656 (2004). doi:10.3201/eid1009.040155 Medline 

37. K.-Q. Kam, C. F. Yung, L. Cui, R. Tzer Pin Lin, T. M. Mak, M. Maiwald, J. Li, C. Y. 
Chong, K. Nadua, N. W. H. Tan, K. C. Thoon, A Well Infant with Coronavirus 
Disease 2019 with High Viral Load. Clin. Infect. Dis. ciaa201 (2020). 
doi:10.1093/cid/ciaa201 Medline 

38. X. Lu, L. Zhang, H. Du, J. Zhang, Y. Y. Li, J. Qu, W. Zhang, Y. Wang, S. Bao, Y. Li, C. 
Wu, H. Liu, D. Liu, J. Shao, X. Peng, Y. Yang, Z. Liu, Y. Xiang, F. Zhang, R. M. Silva, 
K. E. Pinkerton, K. Shen, H. Xiao, S. Xu, G. W. K. Wong, SARS-CoV-2 Infection in 
Children. N. Engl. J. Med. NEJMc2005073 (2020). doi:10.1056/NEJMc2005073 
Medline 

39. G. Kampf, D. Todt, S. Pfaender, E. Steinmann, Persistence of coronaviruses on 
inanimate surfaces and their inactivation with biocidal agents. J. Hosp. Infect. 
104, 246–251 (2020). doi:10.1016/j.jhin.2020.01.022 Medline 

40. The code used for our analyses available at 
https://doi.org/10.5281/zenodo.3727255. 

41. L. Ferretti, C. Wymant, M. Kendall, L. Zhao, A. Nurtay, D. G. Bonsall, C. Fraser, 
Quantifying dynamics of SARS-CoV-2 transmission suggests that epidemic 
control and avoidance is feasible through instantaneous digital contact tracing. 
medRxiv 2020.03.08.20032946 [preprint]. 12 March 2020. 

42. China Centre for Disease Control, Distribution of New Coronavirus Pneumonia; 
http://2019ncov.chinacdc.cn/2019-nCoV/.  

43. L. T. Phan, T. V. Nguyen, Q. C. Luong, T. V. Nguyen, H. T. Nguyen, H. Q. Le, T. T. 
Nguyen, T. M. Cao, Q. D. Pham, Importation and Human-to-Human Transmission 
of a Novel Coronavirus in Vietnam. N. Engl. J. Med. 382, 872–874 (2020). 
doi:10.1056/NEJMc2001272 Medline 

44. M. Ki, Task Force for 2019-nCoV, Epidemiologic characteristics of early cases 
with 2019 novel coronavirus (2019-nCoV) disease in Republic of Korea. 
Epidemiol. Health 42, e2020007 (2020). doi:10.4178/epih.e2020007 

45. C. Rothe, M. Schunk, P. Sothmann, G. Bretzel, G. Froeschl, C. Wallrauch, T. 
Zimmer, V. Thiel, C. Janke, W. Guggemos, M. Seilmaier, C. Drosten, P. Vollmar, 
K. Zwirglmaier, S. Zange, R. Wölfel, M. Hoelscher, Transmission of 2019-nCoV 
Infection from an Asymptomatic Contact in Germany. N. Engl. J. Med. 382, 970–
971 (2020). doi:10.1056/NEJMc2001468 Medline 

 

ACKNOWLEDGMENTS 
We thank Will Probert, Andrei Akhmetzhanov, Alice Ledda, Ben Cowling, Gabriel 
Leung and Yuan Yang for helpful comments. Funding: This work was funded by the 
Li Ka Shing Foundation. AN is funded by the Artic Network (Wellcome Trust 
Collaborators Award 206298/Z/17/Z). The funders played no role in study 
conception or execution. Author contributions: Conceptualization: CF, DB. Data 
curation: LF, CW, AN, LZ. Funding acquisition: CF, MP. Investigation: LF, CW, MK, CF. 
Methodology: LF, CW. Visualization: LF, CW, MK, DB. Project administration: LA. 
Software: MK. Ethical analysis: MP, CF, DB. Writing, original draft: LF, CW, MP, DB, 
CF. Writing, review and editing: all authors. Competing interests: None declared. 

Data and materials availability: All data are available in the manuscript or the 
supplementary material. The code used for our analyses is publicly available at (40). 
This work is licensed under a Creative Commons Attribution 4.0 International (CC BY 
4.0) license, which permits unrestricted use, distribution, and reproduction in any 
medium, provided the original work is properly cited. To view a copy of this license, 
visit https://creativecommons.org/licenses/by/4.0/. This license does not apply to 
figures/photos/artwork or other content included in the article that is credited to a 
third party; obtain authorization from the rights holder before using such material. 
   

SUPPLEMENTARY MATERIALS 
science.sciencemag.org/cgi/content/full/science.abb6936/DC1 
Materials and Methods 
Figs. S1 to S21 
References (41–45) 
 
11 March 2020; accepted 27 March 2020 
Published online 31 March 2020 
10.1126/science.abb6936 

on A
pril 1, 2020

 
http://science.sciencem

ag.org/
D

ow
nloaded from

 

http://www.sciencemag.org/
http://dx.doi.org/10.1371/journal.pone.0000012
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17183638&dopt=Abstract
http://dx.doi.org/10.1073/pnas.1009094108
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21149721&dopt=Abstract
http://dx.doi.org/10.1016/j.adhoc.2012.06.003
http://dx.doi.org/10.3201/eid1009.040155
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15498170&dopt=Abstract
http://dx.doi.org/10.1093/cid/ciaa201
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32112082&dopt=Abstract
http://dx.doi.org/10.1056/NEJMc2005073
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32187458&dopt=Abstract
http://dx.doi.org/10.1016/j.jhin.2020.01.022
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32035997&dopt=Abstract
https://doi.org/10.5281/zenodo.3727255
https://www.medrxiv.org/content/10.1101/2020.03.08.20032946v1
http://2019ncov.chinacdc.cn/2019-nCoV/
http://dx.doi.org/10.1056/NEJMc2001272
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=31991079&dopt=Abstract
http://dx.doi.org/10.4178/epih.e2020007
http://dx.doi.org/10.1056/NEJMc2001468
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=32003551&dopt=Abstract
https://science.sciencemag.org/cgi/content/full/science.abb6936/DC1
http://science.sciencemag.org/


First release: 31 March 2020  www.sciencemag.org  (Page numbers not final at time of first release) 9 
 

Table 1. Parameters of the infectiousness model. 
 

Name Symbol Description Central value Uncertainty Source 

Parameters directly calculated from data 

Doubling time T2 The time taken for the epidemic to double in 
size during the early uncontrolled phase of 
expansion 

5.0 days 95% CI 4.2 - 6.4 (20) 

Incubation period 
(2 parameters) 

s(τ) lognormal meanlog 
lognormal sdlog 

1.644 
0.363 

95% CI 1.495 - 1.798 
95% CI 0.201 - 0.521 

(21) 

Generation time 
(2 parameters) 

w(τ) Weibull shape 
Weibull scale 

2.826 
5.665 

95% CI 1.75 - 4.7 
95% CI 4.7 - 6.9 

This paper 

Parameters with Bayesian priors informed by anecdotal reports or indirect evidence 

Proportion  
asymptomatic 

Pa The proportion of infected individuals who 
are asymptomatic 

0.4 Prior = beta(α=1.5, β = 1.75) 
Mode = 0.4 
Mean = 0.46 

Media reports 
(Diamond Princess) 

Relative 
infectiousness of 
asymptomatics 

xa The ratio of infectiousness of asymptomatic 
individuals to infectiousness of symptomatic 
individuals 

0.1 Prior = beta(α=1.5, β=5.5) 
Mode = 0.1 
Mean = 0.21 
 

Observation of few 
missing links in Singa-
pore outbreak to date. 
Suggestion from (19) 

Fraction of all 
transmission that 
is environmentally 
mediated 

RE/R0 Self-explanatory 0.1 Prior = beta(α=1.5, β=5.5) 
Mode = 0.1 
Mean = 0.21 

Anecdotal observation 
that many infections 
can be traced to close 
contacts once detailed 
tracing is completed. 

Environmental 
infectiousness 

E(l) Rate at which a contaminated environment 
infects new people after a time lag l 

3 Box function (0,n) days, 
Prior for n = Gamma(shape 
= 4, rate =1) 
Mode = 3 
Mean = 4 

(39) - variety of values 
for many different 
surfaces. 

 
 
Table 2. R0 and its components. 

 

 Pre-symptomatic Symptomatic Environmental Asymptomatic Total R0 

Absolute Point estimate: 0.9 
Uncertainty median: 0.7 
CI: 0.2 - 1.1 

Point estimate: 0.8 
Uncertainty median: 0.6 
CI: 0.2 - 1.1 

Point estimate: 0.2 
Uncertainty median: 0.4 
CI: 0.0 - 1.3 

Point estimate: 0.1 
Uncertainty median: 0.2 
CI: 0.0 - 1.2 

Point estimate: 2.0 
Uncertainty median: 2.1 
CI: 1.7 - 2.5 

Fraction 
of R0 

Point estimate: 0.47 
Uncertainty median: 0.35 
CI: 0.11 - 0.58 

Point estimate: 0.38 
Uncertainty median: 0.28 
CI: 0.09 - 0.49 

Point estimate: 0.1 by 
assumption 
Uncertainty median: 0.19 
CI: 0.02 - 0.56 

Point estimate: 0.06 
Uncertainty median: 0.09 
CI: 0.00 - 0.57 

1 by definition 
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Fig. 1. Quantifying transmission timing in 40 transmission pairs. Left panel: our inferred generation time distributions, 
in black; thicker lines denote higher support for the corresponding functional form, with the Weibull distribution being the 
best fit. For comparison we also include the serial interval distributions previously reported by (12) (in light blue) and (22) 
(in grey), and the incubation period distribution we used here from (21) (dashed red line). Right panel: the distribution of 
the posterior probability of pre-symptomatic transmission for each of the 40 transmission pairs. The red vertical line 
shows the mean probability. 
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Fig. 3. Quantifying intervention success. Heat map plot showing the exponential growth rate of the epidemic r as a 
function of the success rate of instant isolation of symptomatic cases (x axis) and the success rate of instant contact 
tracing (y axis). Positive values of r (red) imply a growing epidemic; negative values of r (green) imply a declining 
epidemic, with greater negative values implying faster decline. The solid black line shows r=0, i.e., the threshold for 
epidemic control. The dashed lines show uncertainty in the threshold due to uncertainty in R0 (see figs. S15 to S17). The 
different panels show variation in the delay associated with the intervention - from initiating symptoms to case isolation 
and quarantine of contacts. 

Fig. 2. Our model of infectiousness. The average infectiousness (rate of infecting others), β, as a function of the 
amount of time since infection, τ. The total colored area found between two values of τ is the number of transmissions 
expected in that time window. The total colored area over all values of τ is the number of transmissions expected over 
the full course of one infection, i.e., the basic reproduction number R0. The different colors indicate the contributions of 
the four routes of transmission (stacked on top of one another), so that the total area of one color over all values of τ is 
the average number of transmissions via that route over the whole course of infection: RP, RS, RE, and RA for pre-
symptomatic, symptomatic, environmentally mediated, and asymptomatic transmission respectively. Values are 
rounded to one decimal place. Stopping disease spread requires reduction of R to less than 1: blocking transmission, 
from whatever combination of colors and values of τ we can achieve, such that the total area is halved. 
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Fig. 4. A schematic of app-based COVID-19 contact tracing. Contacts of individual A (and all individuals using the app) 
are traced using GPS co-localisations with other App users, supplemented by scanning QR-codes displayed on high-
traffic public amenities where GPS is too coarse. Individual A requests a SARS-COV-2 test (using the app) and their 
positive test result triggers an instant notification to individuals who have been in close contact. The App advises 
isolation for the case (individual A) and quarantine of their contacts. 
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